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The Early Days

1997 1998
[ ®
Founded by Introduces Name
Jay Walker Your Own Price®

for Flights, later
expanding to
Hotel and Rental
Cars

Offer Focus,
Product Verticals

2004

Begins offering
full price, or
‘retail’ rates

Offer Types

2009

Introduces first
mobile app

Platforms

2012

Introduces
Express Deals®

Offer Types




priceline Previous State of Messaging

° Promotional Email Q Promotional Push
Isolated homegrown application Isolated, powered by third party
° Transactional Email e Transactional Push

Isolated homegrown application Isolated, homegrown application on AWS
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2019 o:o ITERABLE

Cross-Channel Capabilities

Priceline partners with Iterable to
enable its cross-channel marketing
and communications strategy.




On-Prem to Cloud

More scalable D G()Ogle CIOUd

Faster and more flexible

Opportunities to improve our data hygiene

Internal customer data layer is born @ GQlee
Big Query




Lean Testing Toward
a Scalable CDP



Approach to Proving Value

© Whatis our goal? © How do we need it?
What are we looking to achieve In order to action, do we need a custom
and how do we measure success? event, profile attributes, list, or catalog?
© What data do we need? @ How do we execute?
Define the minimum data required What will the customer experience as a

and define the schema. part of this test?



Customer Data: Daily Batch Update

Goodl ®
@ A ®_© ITERABLE

Master: 65+ Customer Attributes Q e e

Send time personalization
Product preferences

Destination recommendations °
Loyalty status

And more..




Case Study

Personalized Hotel
Recommendations
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Top hotel deals for you!

48 Hotel Deal . Hotel Deal

mim“r
Orlando, FL Amsterdam, NL

priceline @ 8477

5164 5308
Ses Mors porniht porrignt

4. Hotel Deal 4l Hotel Deal

= e s

New York, NY Washington, DC
priceline @ $320 priceline @ $229

$231 *199
- o per night LTI per night

You may also like ...

4 Hotel Deal i Hotel Deal

"N W

Personalized Destination
Recommendations

8 city deal recommendations for
each customer

Prioritized in order of relevance
Powered by 6 categories of logic

Open-time api call to pull live rates
and deal merchandising
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Top hotel deals for you!

48 Hotel Deal . Hotel Deal

Why is this important?

FIiS

Orlando, FL Amsterdam, NL

priceline @ 8477

*164 $398
Seoore per night per night

35% 40%

d.  Hotel Deal 4l Hotel Deal

i = % of clicks on deals % on deal 1
pricsine @ 820 pucine @ s229 (deal clicks [ total clicks) (deal 1 clicks / all deal clicks)

$231 $199
See More per night See More per night

You may also like ...

M Hotel Deal M Hotel Deal
3 r (¥




Lean Test, City Recommendations

What is our goal?

Improve quality of hotel city
recommendations. Increase
engagement and conversion.

What data do we need?

Variant assignment and 8 new city
recommendations per customer.

How do we nheed it?

Profile attribute sourced from Big Query,
mapped to V8 variable attribute.

How do we execute?

2 Week test, measuring the variant vs.
control, measured by deal tile
engagement and conversion.
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Variant Assignment

integer,
integer,
"string",
"string",
"timestamp",
"timestamp",
"string",
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"string",

NEW Recommendations

A "Hotel": {
- "destinations": [

- 0:q{

b

}I

b

}I

"cityId": "3000003349",
"cityName": "ORLANDO",
"country": "US",
"state": "FL"

"cityId": "3000035824",
""cityName": "AMSTERDAM",
"country": "NL",
"state": "NL"

"cityId": "3000016152",
"'cityName": "NEW YORK",
"country": "US",
"state": "NY"

"cityId": "3000003032",
"cityName": "WASHINGTON",
"country": "US",

"state": "DC"

Template Render
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Top hotel deals for you!

48 Hotel Deal 4 Hotel Deal

H1 w0

Orlando, FL Amsterdam, NL

priceline @

85477
*164 $398
per night See More per night

4. Hotel Deal 4 Hotel Deal

New York, NY Washington, DC

priceline @ $320 priceline @

$229
+231 *199

You may also like ...

4B Hotel Deal M Hotel Deal




Results for this logic test, specific to deal recommendation tiles

Click Through Rate Conversion Rate

+6% +5%



Recommendations
Next Steps

Test additional logistical sets
Roll out combined wins

Collaborate with data and
product to build
recommendations service

Bring this to customers across
our entire brand experience




Enhance App and Site Recommendations

5:539¢ il LTE
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Cars Flights

Q, Current Location 4

Philadelphia, PA Boston, MA Atlantic City, NJ Albany

(¥ Wed, Apr 17 - Thu, Apr 18 =) 2

Search Hotels

On the Road?  Find a hotel on your route tonight.

@ GOLD Incredible deals just for you! >

Deals Tonight Nearby

i

4

’%"L
€Maps: Legal (5]
® ] @ 3
Book My Trips Me Notifications

Cancel Hotel Search

</ Current Location

Recent
#  Miami, FL

#s  Orlando, FL

Recommended Destinations

Q@ Charlestown, RI

©

Amagansett, NY
Calverton, NY
Chaplin, CT

New York, NY
North Scituate, RI
Las Vegas, NV
Orlando, FL

Boston, MA

© © O 0O © © © ©
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Dallas
Texas, United States

Denver

Colorado, United States

Anaheim (Disneylandcalifornia)
California, United States

Destin

Florida, United States

Lake Buena Vista (Disney)
Florida, United States

Daytona Beach
Florida, United States




Looking Ahead



Internal
Challenges

Batch process is not the solution

Lots of overhead
Not flexible
Not scalable




Longer Term Goals

@ Google ®
Big Query . . ITERABLE
o

Customer Data

— o

Apps Site Off-Site Q 6 e




Smart ingest and Schema Management

For increased flexibility and control, and more efficient integrations.

Smart Ingest

4% Dynamic lst storage (production)

~

Ve

Sync name Status Last run time

B % 1reraBie + M hightouch
]

Smart Ingest

a¥e
¢

Data schema management

Custom events User profile fields
o Visible Hidden
Name Description

moeo @

Visibility  Type Created



Empowers
Marketers

On a whole new level

Makes data available with less
effort and less overhead
Improved flexibility and control
Enables faster iteration

And from there..
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Questions?
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Follow us!

Not everyone is a leader, be a follower.
For marketing tips, tricks, and updates,
scan to follow us on all social platforms.



